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HT ARG BRI THAT AT A . FATSEH] pandas BLEREY describe pR%LAE
BN L

count mean std min  25% 50% 75%

feature_ 0  200000.0 0.972710 3.941836 0.0 0.0 0.0 1.0
feature_1 ~ 200000.0 1.168365 3.993407 0.0 0.0 00 1.0
feature_2  200000.0 2.219325 6.476570 0.0 0.0 00 1.0
feature_3  200000.0 2.296735 7.551858 0.0 0.0 0.0 1.0
feature_4  200000.0 0.793530 2.935785 0.0 0.0 0.0 0.0
feature_70 200000.0 1.219210 4.826003 0.0 0.0 00 1.0
feature_ 71 200000.0 0.806895 2.458741 0.0 0.0 00 1.0
feature_ 72 200000.0 1.282925 4.261420 0.0 0.0 0.0 1.0

feature_ 73  200000.0 2.940210 10.784650 0.0 0.0 0.0 1.0
feature_74 200000.0 0.632005 3.925310 0.0 0.0 0.0 0.0
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FE sklearn H1, X}R [R5 25aetiiftl 2 sklearn.ensemble. RandomForestClassifier, F410] DA
b A4E455 1) Python 4LA5:

from sklearn.ensemble import RandomForestClassifier

import pandas as pd

# We don't mention how to read and process data here
model = RandomForestClassifier()
model.fit(train_x, train_y)

proba = model.predict_proba(test_x.values)


https://scikit-learn.org/stable/
https://zh.wikipedia.org/zh-hans/%E9%9A%8F%E6%9C%BA%E6%A3%AE%E6%9E%97
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output = pd.DataFrame ({
'id': test_x.index,
'Class_1': probal:, 0],
'Class_2': probal:, 1],
'Class_3': probal:, 2],
'Class_4': probal:, 3],
'Class_5': probal:, 4],
'Class_6': probal:, 5],
'Class_7': probal:, 6],
'Class_8': probal:, 7],
'Class_9': probal:, 8],

b

output.id += 200000 # In order to satisfy format required by kaggle

output.to_csv("my_submission.csv", index=False)

IRIGFATEE ML MELLE R (submit predictions) :

Name Submitted Wait time Execution time Score
my_submission.csv a few seconds ago 1 seconds 1 seconds 2.01416

|

FAIHE public leaderboard f{HEZ /& 854/921, MMi%E—%4 E@ﬁiéﬁ% 1.74389 (6 H 23 H
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def data_split(path="train.csv", frac=0.8):

# RAEpathik B

# HHLATEL 24 (shuffle)

# % Y bound

bound = int(data_len * frac)

# X%

df _train = df.iloc[:bound]

df _test = df.iloc[bound:]

return (
df_train.iloc[:, :-11, # 4 E &L HE
df_train['target'], # & ERE
df _test.iloc[:, :-11, # R ERIEHE
df_test['target'], # k&AL
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NGBS, RAVFENCAHABRGE T, AHIRATE L—1 ‘evaluation‘pR%k, 15
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from numpy as np

from sklearn.preprocessing import OneHotEncoder

def evaluation(result, test_y):
result = result.values

test_y_array = test_y.values.reshape(-1, 1)
result[result == 0.0] = 0.0000001

enc = OneHotEncoder ()

enc.fit(test_y_array)

y = enc.transform(test_y_array) .toarray()

loss = -np.sum(np.log(result) * y) / result.shape[0]

return loss
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BRI log0 B, FATHITETE kaggle RAIER T P AT JLIAL TR, (EAGTT AT RELLEL
Ko R BN Je i 2 PR 4R B A -

3.3 RALARARI S B
AR RE SHAAT T — RIS

1.86

22

21 1.84
o ]
w
8,4 S 182
=1
g g

19 1.80

1.8 1.78

0 100 200 300 400 500 @00 70O 80O 20 40 60 80 100
n_estimators depth



\

3.4 45 RIAT R, Kaggle June TPS report 3 A IFS T

S\

1.88
1.85
1.84
1.83

w
& 182
o

S 181
1.80
1.79

1.78

0 10 20 30 40 50 0 10 20 30 40 50
leaf minimum sample split

RATE T —MRE R FNSEES, HRTHEIGHA SR A L, FESE?
KIGA DAL BT [EHAM RN T % .

3.4 MEURETHER
TEREE Kaggle E¥EFHIHIRATR 2, FE TXAEMN— ML 45IH xgboost Hl
catboost XIEEAEA T2 R, 52 THATINARRE Pl Py, RGP0 8 :

(P + P,)
2

IR AT AR R T RF ) 73500 FAT IR X — A A T 5 0 BRI IE

list_rf, list_ada, list_gbdt, list_emns = [1, [1, [1, []

Pnew =

for i in range(20):

W20k, WA B I iAo &5 Hy X A

loglossl, logloss2, logloss3, logloss4 = 0, 0, 0, O

for j in range(5):
train_x, train_y, test_x, test_y = data_split(frac=1 / 3)
modell = RandomForestClassifier()
model2 = AdaBoostClassifier()

model3 = GradientBoostingClassifier()



T
i
&

3.4 4k RBATER Kaggle June TPS report 3 A %IFELITE

e

modell.fit(train_x, train_y)
model2.fit(train_x, train_y)

model3.fit(train_x, train_y)

outputl = test(test_x, modell)

output2 = test(test_x, model2)
output3 = test(test_x, model3)

output4 = (outputl + output2 + output3) / 3

loglossl += evaluation(outputl, test_y)
logloss2 += evaluation(output2, test_y)
logloss3 += evaluation(output3, test_y)
logloss4 += evaluation(output4, test_y)

print("%d iter %d cross validation" % (i + 1, j + 1))

list_rf.append(loglossl / 5)

list_ada.append(logloss2 / 5)
list_gbdt.append(logloss3 / 5)
list_ens.append(logloss4 / 5)
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WRIEEFRMOE B B R Z ISR M AR oA, 2021 4F 2 H 1 H, WEHRMRIE
DF21 FFJE&AT, WA AR T IR R s > ki tEee, B0 s%, A
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TR ZRAREE A T #1_E1fj sklearn.ensemble. RandomForestClassifier 20013 O FIZ5, J5{#
FATEEA , FoATRT AR AN E i 20 ) 5 AR T AR B S8 (BB IR 2 2% HoOOR - https:
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PyTorch J&—PA Python {LAERTREE A JHESE , NMUBEME LBl R Yy GPU fink, [A]kt
SRS EM 4, X2 IAER 2 EAEZR AN Tensorflow SHA 2 H#1 . PyTorch BERT A
BMIMAT GPU CHFW numpy, [FIEA]T AF S— 904G B 22K F: 2 RE A 3R K IR B i 22 4
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import torch

# ERBERBAKE
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X_train_tensor = torch.from_numpy(X_train.values).type(torch.FloatTensor)
y_train_tensor = torch.from_numpy(y_train.values).type(torch.LongTensor)

X_test_tensor = torch.from_numpy(X_test.values).type(torch.FloatTensor)

# Hj¥train_loader
train_dataset = TensorDataset(X_train_tensor, y_train_tensor)
train_loader = Dataloader(

train_dataset,

batch_size=BATCH_SIZE,

shuffle=True,

RIGREGMZML, —A> 75x100x9, I ReLU f#i o Kt £ 1 2% -

class Net(nn.Module):
def __init__(self):
super (Net, self).__init__Q)

self.input = nn.Linear(
in_features=75,
out_features=100,

)

self .hidden = nn.Linear(
in_features=100,
out_features=100,

)

self.output = nn.Linear(
in_features=100,

out_features=9,

def forward(self, x):
self.input(x)
F.relu(x)
self .hidden(x)
F.relu(x)
self.output (x)

LT < T < T B
]

return x

E XL, R R BN RA

net = Net()
criterion = nn.CrossEntropyLoss()

optimizer = optim.Adam(net.parameters(), 1lr=0.0001)

IRIEHEAT 5 AR I

for epoch in range(5):
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running_loss = 0.0

for batch_idx, data in enumerate(train_loader):
# get inputs and labels
inputs, labels = data
# zero the parameter gradients
optimizer.zero_grad()
# forward + backward + optimize
outputs = net(inputs)
loss = criterion(outputs, labels)
loss.backward()
optimizer.step()
# print statistics

running_loss += loss.item()

F.softmax (torch_train() (X_test_tensor)) .detach() .numpy ()

AT RAMSEIR R 6 AR, Rt @ AT AR . $25, 80k 1.77509, T
RIS AEAN R, SRS R RAE BN 2 Y.
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github.com/Kaslanarian/code). 7E3CHFIeH, FRATRIEMRIRIC S ABE . LI, PASARA
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xR ML, FESCEL T SR B RRZ B ), TS f) B a2 R e L )
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HBRI IR AR T L H —H A0, DA private leaderboard HREUNE, F I 2 FRAY 5T :

10 ~230 grayjay wD 1.73919 10
N
11 a7 JustNJUNobody | 1.73920 5
) N N
12 a7  Kaslnarian Welt 3 1.73920 20 10h
13 491  Koearn @ 1.73921 57
14 413 YueSun @ 1.73921 140

A NREHZFRATHY private leaderboard B %iAH LT public leaderboard, HAZ 242771
E"J o
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